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Abstract

The use of data covering human populations is increasingly used for
research and decision-making. However, dealing with these data in a
scientific manner, which has the specific characteristics of the population
in contrast to other types of data, is a subject that has been neglected in the
age of data science and big data. Population data science can be designed
as an interdisciplinary form of combining data science and population
science with a specialized view of population data. Since the full potential
of population data can often only be achieved when such data are linked to
other databases, a comprehensive and basic look at the subject of
population data science is one of the basic requirements in the field of
population. In this article, it has tried to show what and why this science is,
how to implement the conceptual architecture based on big data and cloud
computing, relying on the current knowledge of the field of data science in
the form of a proposed management dashboard model of population data
science.
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1. Population Data Science
2. The science of data about people
3. Population science
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1. Population

2. Demographics

3. Population science
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1. Birth Rate
2. Death Rate (Mortality Rate)
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1. Fertility Rate

2. Life Expectancy

3. Population Pyramids

4. Population Growth and Decline
5. Demographic Transition Theory
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2. The Population Health Research Network (PHRN)
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1. National Collaborative Research Infrastructure Strategy framework

2. https://www.phrn.org.au

3. Integrated Data Infrastructure (IDI)

4. Longitudinal Business Database (LBD)

5. https://wwwe.stats.govt.nz/integrated-data/integrated-data-infrastructure/
6. Social Data Linkage Environment (SDLE)
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1. https://www.statcan.gc.ca/en/sdle/index

2. The national patient-centered clinical research network, PCORnet

3. Common Data Model (CDM)

4. https://github.com/CDMFORUM

5. The Farr Institute, the Administrative Data Research Network, and most recently Health Data Research UK

6. UK Health Informatics Research Network (“Network')
7. https://gtr.ukri.org/projects?ref=MR%2FM501633%2F2
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1. https://www.phrn.org.au/about-us/data-linkage/whos-involved/
2. Data Custodian
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1. Data Linkers

2. Probabilistic

3. Deterministic

4. Secure Anonymized Information Linkage (SAIL)
5. Secure e-Research Platform (SeRP)
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1. Eexhaust data

2. Unstructured

3. Semi-structured

4, Structured

5. Big Data paradigm
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1. Internet of Things (IoT)
2. Internet of Everything (I0E)
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1. Data Management Solutions for Analytics (DMSA)
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. Data Warehouse (DW)

. Real-time

. Extract, Transform, Load (ETL)
. Relational processing

. Nonrelational processing
Ingestion

Storing

. Accessing

. Processing

10. Delivering

11. Context-independent
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. Cloud Data Lake

. Cloud Data Warehouse

. Centralized data repository
Query

Raw Zone

Classify

. Preparation

. Cleansing

. Transformation
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1. Automatic scaling
2. ETL (Extract, Transform, Load)
3. ELT (Extract, Load, Transform)
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1. Natural language processing (NLP)
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